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Despite a century of methodological and conceptual advances in the technology of
psychosocial measurement, poor correspondence between indicators and the constructs they
are intended to represent remains a limiting factor to the accumulation of scientific knowledge.
Longstanding conventions in measurement may contribute to the failure to develop optimal cri-
teria. These conventions include the focus on complex over simple constructs and the use of
multi-item measures of disparate content to represent those constructs. Several arguments sug-
gest that such a measurement model compromises the potential for developing measures that
accurately reflect psychosocial phenomena. The article concludes with some preliminary sug-
gestions concerning an alternative model that may address this construct validity problem more
effectively.

Clarity in the large comes from clarity in the medium scale;
clarity in the medium scale comes from clarity in the small.
Clarity always comes with difficulty.

—Tukey, 1969, p. 88

One of the basic requirements of science is accurate mea-
surement. Despite a century of effort devoted to improving
methods for the creation and evaluation of measurement de-
vices, psychologists generally agree that many if not most of
the scales commonly used for the observation of
psychosocial events and states provide at best a rough reflec-
tion of the constructs they are intended to represent. The con-
cern raised by the lack of congruence between the measure
and the measured is reflected in a substantial research litera-
ture devoted to the issues of construct validity and the crite-
rion problem.1 It is reasonable to hypothesize that the contin-
uing lack of correspondence between psychosocial measures
and constructs is an important obstacle to progress in the ac-
cumulation of scientific knowledge.

In this article, I explore the proposition that the conceptual
complexity of the constructs psychologists choose to mea-
sure and the scales they use to measure them has played an
important role in the failure to develop more accurate mea-
surement systems. The conceptual complexity of a construct
refers to the degree to which the construct hierarchically en-

compasses conceptually distinct subconstructs. A construct
such as depression carries with it a broad set of implications
about more specific components of behavioral, emotional,
cognitive, and physiological functioning, many of which
may or may not be true in any individual’s case. The same
could be said of constructs such as job satisfaction and intel-
lectual ability. A common approach to the measurement of
complex variables is complex scales that aggregate items rel-
evant to these conceptually distinct subconstructs. The case
to be presented is that both types of complexity compromise
the potential for accurate and precise characterization of
psychosocial phenomena.

This article consists of four parts. The first section deals
with the distinction between the predictive and representa-
tional purposes of measures. I will attempt to make the case
that representational accuracy is primary for the advance-
ment of empirical knowledge. The second section has to do
with whether it is theoretically possible to measure conceptu-
ally complex constructs with sufficient accuracy. This is fol-
lowed by a discussion of the practical obstacles resulting
from the use of conceptually complex scales. I conclude the
article with a discussion of possible strategies for addressing
the problem of conceptual complexity.

PREDICTION AND REPRESENTATION

There are two purposes served by psychosocial indicators
(Cone, 1995). They can be used to predict status on another
variable. This is useful when the target variable is only di-
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1The term criterion problem has also been used to refer to the
practical obstacles to accurate measurement (Austin & Villanova,
1992; Wiggins, 1973).



rectly measurable in the future (e.g., future job performance)
or the past (e.g., whether the person was “insane” at the time
of an offense), or when the variable cannot be directly ac-
cessed (e.g., the prediction of diagnosis in the absence of bio-
graphical data). A score generated in the context of predic-
tion is interesting for what it says about an external referent.
Using the terminology of correlation familiar to psycholo-
gists, a predictor is optimal when it covaries strongly with
variables it is intended to predict.

A measure can also be used as a representation of a con-
struct. This occurs when the measurement is primarily in-
tended to reflect an individual’s location on the construct that
ostensibly underlies the measure. A score generated in the
context of representation is interesting for what it says about
an intrinsic referent. Returning to correlational terms, a rep-
resentation is optimal when its covariations with optimal rep-
resentations of other constructs provide a reasonable
estimate of parametric values. Cronbach and Meehl (1955)
introduced the term construct validity in relation to the repre-
sentational accuracy of scales.

It is worth noting that the concept of construct validity as-
sumes that constructs have a character independent of their
measurement. This assumption is consistent with the philo-
sophical perspective often referred to as critical realism (Col-
lier, 1994; Manicas & Secord, 1983). The central tenet of
realism is the existence of an objective reality to—in the case
of psychology—psychosocial constructs, even if the capac-
ity to measure objective status on those constructs is flawed.
Critical realism is not the only perspective available on the
independent existence of constructs. Positivists, for example,
would argue against the scientific admissibility of a reality
beyond that which is consensually observed. This school had
its greatest influence on psychological measurement in the
form of operationism (Friedman, 1991), which defined the
target of a measurement solely in terms of the observable
measurement process. Despite the potential for alternative
viewpoints, critical realism represents the dominant view
among social scientists. It provides the context for this dis-
cussion, and I treat the representational accuracy or construct
validity of a test as a meaningful concept.

Reading research on test validation might lead one to as-
sume that the predictive purposes of tests are more important
than their representational purposes. The bulk of the litera-
ture dedicated to demonstrating scale validity has focused on
scale relationships with expected correlates. In his classic
text on assessment, Wiggins (1973) even asserted that “per-
sonality assessment has the quite applied aim of generating
predictions about certain aspects of behavior that will con-
tribute to decisions concerning the disposition or treatment
of individuals” (p. 6), a statement that overlooks the descrip-
tive and model-building aspects of personality research.

Several factors may contribute to the tendency among
psychologists to focus on scales as correlates rather than as
representations. Prediction is an important goal in applied
settings; the lingering influence of operationism in the disci-

pline might play a role as well. The demonstration of crite-
rion-related validity is also considered an important contri-
bution to the evaluation of construct validity (Cronbach &
Meehl, 1955; Messick, 1995), one with the advantage over
others in that it can be reduced to a relatively clear-cut statis-
tical strategy.

Whatever the reason for the emphasis on prediction, the
representational effectiveness of a test is in fact far more im-
portant to a scale’s scientific value. Science is largely a pro-
cess of developing and testing models. Model building in
turn requires accurate representations of placement on the
constructs included in the model. Any time a scale is used as
a criterion or dependent variable, or for descriptive purposes,
or for the estimation of parameters, the representational ac-
curacy of the measurement is paramount because some
rough equivalence between placement on the variable and
placement on the construct is required.2 If the meaning of the
scores on a scale is unclear, then the accuracy of any infer-
ences about constructs made on the basis of that scale is in
doubt. Scales that correspond poorly with the constructs they
are intended to represent cannot provide the basis for clear
answers to empirical questions. In the next section, I evaluate
whether it is possible to develop accurate representations of
conceptually complex constructs.

CONCEPTUAL COMPLEXITY
IN CONSTRUCTS

Trait theorists have long recognized that constructs used to
characterize an individual can be organized hierarchically in
terms of their degree of complexity or abstraction from par-
ticulars (Eysenck, 1947; Hampson, John, & Goldberg, 1986;
Paunonen, 1998). At one end are very broad constructs such
as the domains of the Five-Factor Model (Goldberg, 1993)
that encompass a large array of more specific attributes. At a
lower level of generality are these more narrowly defined
general qualities such as the cross-situational tendency to ex-
perience anxiety. Still further down in terms of complexity
are enduring styles of reacting to specific stimulus situations
such as the tendency to experience anxiety in a certain way in
response to certain events. Constructs at the top of this di-
mension are complex and integrative. The further down one
moves on the dimension, the more elemental and specific
constructs become.
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2Subtle changes in context can turn what looks like a predictive
study into a model-building study. For example, hierarchical regres-
sion is often used to determine the practical value of an additional
predictor. However, hierarchical analysis can also be used for model
building when the goal is to determine whether a particular construct
adds to the understanding of another. Even though the scale is likely
to be called a predictor in this context, its purpose is to serve as a rep-
resentation of some construct.



Problems With Complex Constructs

The emphasis on complex constructs actually may not be opti-
mal either in the context of prediction or the context of repre-
sentation. Studies that have compared scales reflecting con-
structs at different levels of complexity consistently find that
prediction is enhanced by using a larger number of more spe-
cific personality variables rather than a smaller number of
more global ones (e.g., Mershon & Gorsuch, 1988; Paunonen,
1998). In this section, I focus on the more conceptual question
of whether representational accuracy is also complicated by
the use of global constructs rather than more specific ones.
There are several reasons to suspect this is the case.

Complex constructs as social constructions. The
construct of personal hopelessness can be understood quite
well in terms of a single dimension reflecting the degree to
which an individual has negative expectations for the future.
It is logically possible to partition the construct further into
apprehension about the future and negativity about the poten-
tial for change, but self-observation and reports from clinical
patients has suggested that the experience of hopelessness is
an elemental one. This sense of cohesiveness to the experi-
ence suggests that different observers would experience
hopelessness similarly, even if they come from different cul-
tural backgrounds.

In contrast, the concept of extraversion is specifically in-
tended to refer to certain covariations among more elemental
psychosocial phenomena. A person who experiences great
pleasure in social situations is also likely to engage in behav-
iors leading to social contact and to be perceived by others as
outgoing. The problem is that these states do not always co-
occur, so the characterization of a person’s status in relation
to extraversion becomes subjective. Because of personal cir-
cumstances, “John” is very frequently involved in social situ-
ations and is perceived by others as outgoing, but has no
more than a normal enjoyment of those situations. Is John
extraverted?

Complicating the matter is the covariation of these three
attributes associated with extraversion with many others, so
that different observers may weigh subordinate constructs
differently. Several authors (e.g., Block, 1995) have pointed
out the marked differences across test developers in assump-
tions about the composition of extraversion. The Revised
NEO Personality Inventory (NEO–PI–R; Costa & McCrae,
1992) bases one sixth of its extraversion score on items re-
flecting warmth, but is warmth even a component of
extraversion as opposed to a correlate?

There is no objective answer to either question because
extraversion exists only as a social construction (Gergen,
1985), a label used to summarize a loosely bounded set of ob-
served regularities. Under these circumstances, one would
expect different cultures and even different observers within
the same culture to generate very different definitions of a
construct.

Clinical diagnosis (American Psychiatric Association,
2000) represents a particularly important class of social con-
structs. In a small set of cases, schizophrenia being perhaps
the best example (Prescott & Gottesman, 1993), there is good
reason to suspect that a disease state existed prior to its obser-
vation, and the objective bounds of that disease state will ulti-
mately be defined. In most cases, though, diagnoses reflect a
set of covariations between primary and secondary symp-
toms that were consensually agreed on as the basis for classi-
fication. The result is a diagnostic system with an
inordinately high rate of comorbidity, heterogeneous classes,
and a set of “garbage can” diagnoses for use when no other
category applies (Beutler & Malik, 2002; Cooper, 2004).

In fact, many if not most psychiatric phenomena are prob-
ably better understood in terms of a single presenting com-
plaint and placement on a set of symptom dimensions
potentially affected by that presenting complaint. The dispar-
ity between the diagnostic nomenclature and actual psychiat-
ric phenomena is largely ignored, and extensive research is
conducted to understand the psychosocial and treatment im-
plications of the existing diagnostic categories, making the
diagnostic system one of the best examples of the continuing
influence of operationism in psychosocial science (Acton,
1998). To quote Mahrer (1999) who wrote on a related topic,
“psychotherapy is a pseudoscience of nonexisting
unrealities, measured with rigorous precision” (p. 1150).

The existence of many complex constructs as flexible ver-
bal summaries also has important implications in terms of the
potential for building quantitative models of psychosocial
phenomena. Michell (2000, 2001) questioned whether there
is any evidentiary basis for assuming that psychological con-
structs can be mapped to ordered numeric values, an argu-
ment that would seem particularly relevant to ratings of
mental states. If complex constructs do not have an inherent
character, then there is no “true” value for parameters such as
the correlation between extraversion and depression.

This does not necessarily mean that sample correlations
between measures of these two constructs will vary wildly
because different measures of extraversion or of job satisfac-
tion usually overlap in their contents. It does have implica-
tions for progress in psychosocial theory development. One
characteristic of a mature science is the ability to derive point
estimates from theory that can be compared to empirical
findings. Such comparisons offer strong tests of a theory. In
the absence of theory-based point estimates, theory corrobo-
ration is reduced to tests of null hypotheses that offer very
weak evidence for the validity of a theory (Meehl, 1990).

Excessive faith in cross-modal consistency. The
tendency to conceptualize psychosocial phenomena in terms
of summative constructs also tends to reinforce excessive
faith in cross-modal consistency. The term mode is used here
to refer to a broad domain of psychosocial activity such as
behaviors, self-perceptions, perceptions by others, or physio-
logical functioning. Many complex constructs such as de-
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pression, extraversion, or schizophrenia encompass
subconstructs from more than one mode of functioning. The
tendency to speak in terms of level of extraversion as a com-
prehensive statement about an individual implies a fair de-
gree of coherence (depending on the researcher’s model of
extraversion) in personal experience, behavior, perception
by others, and/or physiological reactivity. Based on the as-
sumption of cross-modal consistency, Campbell and Fiske
(1959) even proposed that finding a scale failed to correlate
well with measures of the same construct involving other
modes raised questions about the scale’s validity.

There are several reasons to expect some degree of cross-
modal consistency. The fact that people can observe their
own behavior and the effect of their behavior on the social
environment, and that events involving the cognitive-
affective systems of the brain precede or co-occur with cer-
tain physiological and behavioral events, ensures that to
some degree, there will be convergence among self-
perceptions, perceptions by others, behavioral tendencies,
and physiological states. The use of constructs that assume
tight integration in all these domains goes well beyond the
evidence for cross-modal consistency, however. Physiologi-
cal measures are poorly related to self-report measures (e.g.,
Edelmann & Baker, 2002); interpretations based on self-
report data relate poorly to clinicians’ perceptions (e.g.,
Ehrenworth & Archer, 1985); parent, teacher, and child re-
ports of a child’s areas of difficulty can show an unimpres-
sive rate of agreement (Achenbach, Dumenci, & Rescorla,
2002).

Seeming inconsistencies across modes may actually be an
important source of information that has been neglected in
the assessment literature (e.g., Borman, White, & Dorsey,
1995; Sayer et al., 1993). It can be important to know
whether an employee’s supervisors and peers differ in terms
of their work evaluations or whether a job candidate believes
she or he is much brighter than performance testing suggests.
The man who perceives himself as depressed while others
perceive him as angry and demanding is different in impor-
tant ways from the woman who is perceived by both self and
others to be sad and guilt ridden. These inconsistencies
across modes of measurement are more likely to represent
worthwhile clues about a person than evidence of measure-
ment error.

The issue of cross-modal inconsistency also raises con-
cerns about the overreliance on self-report measures as rep-
resentations of multimodal constructs (Kagan, 1988). The
use of self-report alone to represent a complex construct with
implications for several modes of functioning is simply inad-
equate science unless the research is only concerned with the
experiential components of that construct.

The position presented here contrasts with the common
assumption that a self-report measure can sufficiently repre-
sent a complex construct such as anxiety, which involves in-
terpersonal and physiological as well as experiential modes.
Rejecting this assumption effectively mitigates long-

standing concerns about the validity of self-reports as repre-
sentations of objective reality (e.g., Meehl, 1945, 1995). If
anxiety is perceived as a socially useful label to capture de-
monstrable correlations among self-report, behavior, and
physiological state, then it is clear that a self-report measure
provides an insufficient basis for portraying one’s standing
in terms of severity (or presence/absence) of anxiety. Self-
reported anxiety can only provide a representation of the ex-
perience of anxiety, although it can also serve as a predictor
of anxiety components in other modes.

Inadequate specification in psychosocial mod-
els. Even within a mode of measurement, the assumption of
consistency across subcomponents interferes with the devel-
opment of accurate models. The complex construct
extraversion bears little resemblance to complex constructs in
sciences that have achieved a higher level of representational
accuracy. For example, physicists are able to measure physical
characteristics very accurately and so have developed a mathe-
matically precise description of how the components of an
atom relate to each other. This does not mean they have lost in-
terest in the behavior of atoms as a whole. However, the con-
cept of the atom has evolved into a well-specified set of rela-
tionships among subcomponents that provides a basis for
understanding why the atom as a whole behaves in the ways it
does. Similarly, because currency flows can be measured with
a fair degree of accuracy, the relatively young science of econ-
ometrics has been able to generate very precise models of the
manner in which increased productivity in one sector of the
economy affects productivity in others.

In contrast, the specification of extraversion remains
largely a laundry list of subconstructs with relatively little
known about how one component affects another. The as-
sumption of strong covariation among the subcomponents of
extraversion may at least contribute to the lack of research
examining relationships among them more closely.

Reasons for Complex Constructs

If measures of more complex constructs are less effective
predictors than scales based on more specific constructs
(Mershon & Gorsuch, 1988; Paunonen, 1998), and if com-
plex constructs cannot be accurately measured, one must
wonder why psychologists continue to focus on complex
constructs rather than more specific ones. There are several
factors that play a role.

One is the social or pragmatic value of indexing. Eco-
nomic decision-making is often based on indexes such as the
Dow Jones industrial average or the index of leading eco-
nomic indicators because these provide a global indication of
position within a set of related economic variables. Simi-
larly, psychologists respond to various mandates that require
categorizing individuals for practical purposes. The designa-
tion “mentally retarded” has implications concerning eligi-
bility for social services, as does “insane” for certain forensic

CONCEPTUAL COMPLEXITY 115



decisions. In fact, many if not most scales in psychology can
be reformulated as indexes that exist only for practical pur-
poses. What psychologists sometimes forget, though, is that
an index has no inherent structure. The difference between
psychological and economic indexes is the degree to which
those indexes are perceived as the elemental components of
measurement versus a socially useful aggregate of more ele-
mental components.

A related practical rationale is the need to reduce informa-
tion load for purposes of comprehending information and
communicating it to others. Mershon and Gorsuch (1988)
hypothesized that many theories suggest five to eight higher
order factors can account for much of personality simply be-
cause that is the number of variables humans can effectively
manipulate at one time. The belief that a person can be char-
acterized in terms of a few global concepts such as depres-
sion, intelligence, or responsibility is a seductive one, as it is
both easier to grasp and easier to communicate to others than
a large set of more specific constructs.

A third factor may be a natural predisposition to organize
the world according to prototypes rather than boundary con-
ditions (Rosch, 1973). The prototype of the extravert is a
loud, active, sweet, fun-loving person, and there are people
who demonstrate all of these characteristics simultaneously,
even though some of these characteristics are more likely
definitional aspects of the extravert, whereas others are key
correlates. This prototype influences how people judge
themselves and others. It also influences the development of
formal models of extraversion as well as multi-item scales
that evaluate extraversion in terms of distance from the pro-
totype (Broughton, 1990). However, the ability to define a
prototype does not substitute for the scientific process of de-
fining an objective definition of necessary and sufficient
conditions for placement on a construct.

CONCEPTUAL COMPLEXITY
AND MULTI-ITEM SCALES

Even if it is possible to provide an objectively defensible
model of a complex construct, precise measurement of such
constructs may not be possible. Representational accuracy re-
quires a measurement device that reflects the full array of
subconstructs the test developer assumes to be relevant.
Burisch (1984b) offered one solution to measuring complex
constructs that deserves mention because it is sometimes
adopted in practice. Burisch experimented with single-item
measures of depression that involved, for example, respond-
ing on an unanchored 9-point scale ranging from 1 (often de-
pressed, moody, self-conscious) to 9 (contented, self-assured,
poised). Burisch found this type of measure can demonstrate
adequate criterion-related validity, sometimes even matching
that of much longer measures. However, the construct validity
of single-item measures of complex constructs is likely to be
questionable. The item leaves it to the respondent to decide
what depression is, which symptoms should be considered

most salient to making a judgment of intensity, and whether
the respondent evaluates level of depression in relation to oth-
ers’ experiences or the respondent’s experience of other emo-
tional states. The respondent’s interpretation of the item be-
comes increasingly ambiguous as the construct underlying the
item becomes more complex (Hogan & Roberts, 1996).

A much more popular strategy is the multi-item scale in-
volving administration of one or several items representing
each of some or all of the [sub]constructs the test developer
believes to be subsumed by the construct and combining
scores across items. The rationale for the multi-item scale
can be traced to the principle of aggregation (Epstein, 1983;
Rushton, Brainerd, & Pressley, 1983), which suggests that
measurement error is inevitable, but its impact can be re-
duced by averaging multiple observations. Although it is im-
possible to disagree with the importance of aggregation as a
methodological strategy, the multi-item scale is a relatively
unusual instance of the principle. When multiple observers
rate the same event or a force is applied to an object multiple
times to determine whether the effect is consistent, it is done
under the assumption that the repeated observations are re-
dundant, that is, that they are equivalent in what the measure-
ment is intended to represent. This assumption may
ultimately prove not to hold in some cases, but the assump-
tion is still central to the aggregation of results. In contrast,
multi-item scales regularly sum items that are clearly distinct
in their target constructs, although those targets are sub-
sumed by a construct of higher complexity.

Notice that evidence of covariation among items is not the
same thing as evidence of conceptual redundancy. Items rep-
resenting correlated constructs can easily generate a scale
that meets statistical criteria for unidimensionality or reli-
ability, particularly if the number of items is fairly large
(Schmitt, 1996). Redundancy between items also does not
mandate large correlations because redundant items can cor-
relate only moderately if they vary substantially in difficulty.
The determination of redundancy, as is true of construct va-
lidity in general, is a conceptual one that cannot be reduced to
statistical criteria.

Multi-Item Scales As Predictors

Despite Burisch’s (1984b) finding, it can be demonstrated
mathematically that multi-item scales are likely to be better
predictors of criteria on average than single items (e.g.,
Ghiselli, 1964; Nunnally & Bernstein, 1994). It is sometimes
suggested that this superiority is based on the relationship be-
tween validity and reliability (e.g., Rushton et al., 1983). The
argument goes as follows. Because the square root of reli-
ability defines the upper bound of criterion-related validity
and because one way to increase reliability is by increasing
the number of items, it follows that a multi-item scale is po-
tentially more valid than a single item.

It is important to note this explanation only applies to the
maximum possible validity of a scale, not to its actual valid-
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ity. The latter is more accurately modeled as a function of the
individual item validities. According to Ghiselli (1964), the
correlation between multi-item predictor X and criterion Y
equals

(1)

where riY represents the correlation between item i and the
criterion, k is the number of items, and is the mean corre-
lation between all pairs of items. Two aspects of this formula
are worth mentioning. First, other factors being equal, the
criterion-related validity of a multi-item scale declines as the
mean correlation between items increases, even though reli-
ability should increase as a function of the mean interitem
correlation. Criterion-related validity is actually enhanced by
aggregating items that correlate zero or even negatively with
each other so long as they correlate positively with the crite-
rion. Second, the process of aggregation reduces the impact
of poor predictors on the criterion-related validity of the scale
as a whole.

To demonstrate this second point, consider a set of seven
items with riY values equally spaced from .10 to .70 and a
mean interitem correlation of .30. The correlation between
the aggregated scale and the criterion would equal

The criterion-related validity of the scale is substantially
greater than what would have been expected from a review of
the individual item validities.3

Although Equation 1 tends to assure reasonable criterion-
related validity coefficients, it also has negative implications
for the discriminant validity of multi-item scales (Campbell
& Fiske, 1959). Depression and paranoia are two constructs
likely to be considered conceptually quite distinct. Among
the items typically included in a multi-item scale of depres-
sion would be some reflecting the respondent’s interpersonal
perceptions, whereas a paranoia measure is likely to include
items having to do with the respondent’s sensitivity to criti-
cism by others. These items should correlate, and according
to Equation 1, it is possible as a result that the two scales will
correlate quite well. The same characteristic that enhances
the predictive power of multi-item scales can also produce a
nontrivial correlation when such a finding is surprising or

even undesirable (e.g., Crowley & Merrell, 2000; Fried-
Buchalter, 1992; Neuberg, West, Judice, & Thompson,
1997). However, discriminant validity has more to do with
representational accuracy than with criterion-related valid-
ity, and consistent with the bias noted earlier in favor of the
latter, most studies of scale validity do not even present
discriminant validity coefficients. Inflated relationships be-
tween multi-item scales of disparate constructs may be an
important contributor to the “crud factor,” the name Meehl
(1990) used for the proposition that “everything correlates to
some extent with everything else” (p. 204). It was Meehl’s
presumption that this phenomenon is inherent to
psychosocial phenomena, but the problem may at least be ex-
acerbated by the poor discriminant validity of multi-item
scales.

Still another implication of Equation 1 is that the criterion-
related validity of multi-item scales levels off after a surpris-
ingly small number of items (see also Burisch, 1984a;
Paunonen, 1998; Paunonen & Jackson, 1985; Taylor, Ptacek,
Carithers, Griffin, & Coyne, 1972). There is even evidence
that for any particular criterion, a shorter and more focused
measure will be more valid than the full scale from which it
was drawn (e.g., Ashton, 1998; Ashton, Jackson, Paunonen,
Helmes, & Rothstein, 1995; Burisch, 1997), even though
subscales should on average demonstrate less reliability.

This is not to say there are no situations in which a mea-
sure of substantial length might still be considered more use-
ful for predictive purposes. If the 50-item Psychopathic
Deviate scale from the Minnesota Multiphasic Personality
Inventory–2 (MMPI; Butcher, Dahlstrom, Graham,
Tellegen, & Kaemmer, 1989) is considered valuable specifi-
cally because it can simultaneously screen for antisocial ten-
dencies, amoral tendencies, egocentric tendencies, anger and
impulsive wishes, sensation seeking, the tendency to experi-
ence generalized dissatisfaction, and family/authority con-
flicts, then a large set of items tapping various constructs is
clearly called for. If one is going to administer a single mea-
sure to tap the entire spectrum of personality or
psychopathology, one is better off with a thorough one. The
down side of this predictive strategy is that for any one crite-
rion, there is probably a subset of items on the scale that pre-
dicts the criterion better than the scale as a whole, and the
interpretation of an elevated score on the total scale is very
much complicated by the variety of possible explanations. If
the purpose of the scale is instead to predict a specific crite-
rion, maximum criterion-related validity is often reached af-
ter as few as three to four good items (Burisch, 1997).

Multi-Item Scales As Representations

The bias toward criterion-related validity as an evidentiary
basis for construct validity leads test users to assume the
larger correlations associated with multi-item scales means
they are better scales overall. There is in fact no rationale for
assuming that what makes a good predictor makes a good
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3Another intriguing feature of the formula is that, for the typical
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would seem to be a reasonable mean correlation between individual
items and any one behavioral criterion (.20, or about 5% of criterion
variance), the correlation of the entire scale and the criterion will
reach a maximum in the range .30 to .40. Although not particularly
relevant to this discussion, this finding has interesting implications
for understanding why there seems to be a ceiling to the criterion-
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events (see Mischel, 1968).



representation. In fact, the opposite can be true. The aggrega-
tion of redundant items, such as multiple measurements of
the same event, can reduce the proportion of total variability
comprised of measurement error without compromising the
accuracy of representation. In contrast, aggregates of items
that are distinct in content, as is true of most multi-item
scales, have several features that limit their potential as rep-
resentations.

Issues of scale format. The term scale format is in-
tended to encompass such features as the number and content
of response alternatives, the wording of the items, the order in
which itemsarepresented, thenumberof items,andsoforth.A
great deal is known about what constitutes good and bad prac-
tice in item and scale formatting. For example, Simpson
(1944) demonstrated many years ago that vague markers of
frequency such as frequently or occasionally should be
avoidedbecause theyare interpretedverydifferentlybydiffer-
ent respondents. There is an extensive literature that has dem-
onstrated that responses to individual items can be influenced
by supposedly extraneous factors such as item order, but that
these effects can be minimized through careful scale develop-
ment (Sudman, Bradburn, & Schwarz, 1996). Yet there is re-
markably littleevidence that standardizedscaledevelopersare
expected to consider this literature when dealing with issues of
scale format. Test manuals often provide extensive informa-
tion about the validity of a scale as a whole but almost no infor-
mation about the justification for the formatting decisions that
were made in the process of test development or even how the
mix of item contents was determined.

Neglect of format issues is not specific to aggregates of
nonredundant items, nor is it a necessary feature of multi-
item scale development. However, the emphasis on predic-
tion over representation surely reinforces the practice. Equa-
tion 1 dictates that reasonably well-developed multi-item
scales will correlate with relevant criteria adequately, miti-
gating the need for further attention to detail in the context of
prediction. The standard for a scale as a representation is
higher because deficiencies in the formatting of the measure
compromise its accuracy as a reflection of the person’s status
relative to the construct.

Issues of isomorphism. Certain isomorphic relation-
ships should exist both within and between scales before a
scale can be considered an accurate representation of a con-
struct. First, the use of a scale as a representation implies
rough equivalence on the construct among individuals with
equal scores. There are over 100 million different combina-
tions of responses that could result in a score of 15 on a sim-
ple 30-item, true–false scale. Although many of these combi-
nations are unlikely to occur in practice, it is still realistic to
expect that a score of 15 can indicate any of thousands of pos-
sible combinations. The assumption of equivalence is there-
fore only likely to be valid if the items are redundant in con-
tent. In the context of prediction, finding that the scale

covaries monotonically with important criteria is usually ac-
cepted as sufficient evidence of meaningful ordering of
scores on the scale; this is not equivalent to demonstrating
that equal scores represent the same location on the target
construct within the tolerances of measurement error.

Second, alternate measures of the same construct should
converge. There are many cases in which this happens when
there is a widely held, well-articulated model describing the
population of subordinate constructs that are central to the
target construct. For example, there is general agreement on
the constructs subsumed by depression including suicidality,
helplessness, and so forth. It is not surprising then to find that
self-report measures of depression can correlate better than
.70 with each other (e.g., McGrath & Ratliff, 1993).

For many if not most complex psychosocial constructs,
there is no generally accepted model of the relevant
subdomains (and in the previous section, I suggested that in
many cases there never can be). As a result, scales that osten-
sibly measure the same construct can show little conver-
gence. For example, the characteristics of emotional distress
have been well documented in the clinical literature. Using a
sample of 149 college students administered both the
NEO–PI and the Interpersonal Style Inventory (ISI; Lorr,
1986), I found the NEO–PI–R Neuroticism scale correlated
–.78 with the ISI Stability scale. In contrast, the correlation
between the NEO–PI–R and ISI Conscientiousness scales
was only .35. MMPI and Millon (1977) Clinical Multiaxial
Inventory measures associated with Compulsive Personality
Disorder have consistently proven to be negatively corre-
lated (Greene, 2000). Recognizing the problem this lack of
isomorphism creates for measures as representations, statis-
ticians interested in building descriptive models have recom-
mended collecting multiple measures of each construct and
generating a factor score that better represents the latent con-
struct (e.g., Schumaker & Lomax, 1996). However, the
weighting of different subdomains in the estimation of factor
scores will still vary depending on the contents of the scales
chosen by the researcher.

Finally, when the scale is not developed in a manner con-
sistent with a well-specified construct, it is often unclear
whether research findings reveal something about the con-
struct or something about the scale. This is a particularly net-
tlesome problem when a multi-item scale behaves in an
unexpected manner, correlating with the wrong variables or
not correlating with the right ones. Many depression scales
include items that are conceptually more closely related to
anxiety than they are to depression (Gotlib & Cane, 1989).
These anxiety items should improve the strength of relation-
ships of depression measures with reasonable criteria be-
cause most of the important correlates of depression also
correlate with level of anxiety. At the same time, the anxiety
items compromise the representational value of the measure
by reducing its specificity, which in turn can produce mis-
leading results in the development of real-world models. For
example, the corroboration of an attributional model of de-
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pression by correlating a measure of depression with a mea-
sure of attributional style is compromised if the depression
measure is loaded with items that more accurately reflect
anxiety (McGrath & Ratliff, 1993).

Similarly, recent evidence has suggested that on average,
newer antidepressants only result in a 2-point improvement
on the Hamilton (1967) Depression Rating Scale when com-
pared to placebo (Kirsch, Moore, Scoboria, & Nicholls,
2002). When one considers the 21-item version of the Hamil-
ton includes 3 insomnia items, 4 items more closely related to
anxiety than to depression, and 3 somatic items having to do
with vegetative symptoms, it is not even clear whether these
very popular drugs have a specific effect on depression at all.

The inclusion of items that do not correlate with each
other or even covary negatively, although potentially en-
hancing criterion-related validity, complicates the task of in-
terpretation further. For example, Chisholm, Crowther, and
Ben-Porath (1997) found an unexpected positive relationship
between global level of improvement in psychotherapy and
the Psychopathic Deviate scale of the MMPI. Further analy-
ses revealed that the relationship resulted from a positive re-
lationship between improvement and items on the scale that
tap feelings of alienation, which are relatively independent of
other items on the scale.

Examples involving other constructs besides
psychopathology are available as well. Judge, Erez, Bono,
and Thoresen (2002) found consistent evidence of extreme
overlap between measures of neuroticism, locus of control,
and self-esteem. It is possible that these constructs truly over-
lap to the degree suggested by the results. It could also be the
case that the use of multi-item scales with poor discriminant
validity for related constructs exaggerates the degree of over-
lap. When Black Americans demonstrate significantly
higher scores than White Americans on a measure of schizo-
phrenia, or scores on an anxiety measure change an average
of ½ SD in 1 week, the lack of isomorphism between the
scale and the construct muddies the waters in terms of
whether these findings represent insight or artifact.

Issues of specificity. Multi-item scales can also be ac-
cused of modeling psychosocial phenomena in overly broad
terms. One example has to do with the evaluation of test–re-
test reliability. The MMPI Psychopathic Deviate scale com-
bines items reflecting very labile constructs (e.g., dissatisfac-
tion) with others that should be quite stable (e.g., problems
with authority). This practice can be criticized in several
ways. First, because the expected time frame for change dif-
fers across subcomponents, there is no way to identify a rea-
sonable lag to serve as the basis for a test–retest reliability
analysis. Second, interesting information about the natural
history of the subconstructs is collapsed into a single test–re-
test reliability coefficient. Third, reasonable changes in
subconstructs over time are treated as error in measurement
rather than as a worthwhile target of study in its own right. In
contrast, because the measurement of individual economic

indicators is considered strongly representational, shifts in
such indicators can be interpreted as worthwhile information
about their natural volatility rather than as error. Similar
comments could be made about changes in dependent vari-
able scores in response to psychological intervention: Fo-
cusing on overall change can ignore interesting and impor-
tant differences in the effectiveness of treatment across
subdomains represented in the scale.

The impact of imprecision in scales representing complex
constructs is also evident in clinical description. For exam-
ple, the Five-Factor Model that underlies the NEO–PI–R
emerged out of an impressive body of literature that has dem-
onstrated that variables used to characterize normal personal-
ity consistently reduced to five domains when factor
analyzed (Goldberg, 1993). Each of the five domain scales is
divisible into six facet scales, representing major
subdomains for each factor. In fact, the constructs underlying
the NEO–PI–R facet scales are often little more than the test
developers’ hunches about which aspects of the domains are
most important. Even so, it is the experience of many who
use the instrument practically that the domain scales are too
broad to be interpreted easily, and for descriptive purposes,
the facet scales can be far more useful even if less reliable
than the domain scores. The interpretation of these facet
scales can in turn be complicated by the inclusion of dispa-
rate item contents. To cite just one example, the Feelings
facet scale includes items having to do with the intensity of
the respondent’s emotional experience as well as items hav-
ing to do with the willingness to be guided by emotions,
which would seem experientially distinct phenomena.

Similarly, interpretive manuals for the MMPI describe a
large body of evidence demonstrating the validity of the stan-
dard clinical scales, but then acknowledge it is often difficult
to interpret the clinical scales because of their complexity,
and recommend modifying the interpretation based on the re-
view of far less validated subscales and even individual items
(e.g., Greene, 2000). Similar advice may be found in texts
discussing the clinical interpretation of complex
neuropsychological and intelligence tests (e.g., Kaufman &
Lichtenberg, 1999; Lezak, 1995). There are people who are
sentimental but not warm, people who are sociable but not
social. These elements of a person’s functioning are perhaps
at least as important to clinical description as global
extravertedness or tolerance.

Issues of scaling. The extent to which multi-item
scales provide an accurate placement for the respondent is an-
other issue of little importance in the context of prediction, in
which the primary concern is the demonstration that scale
scores covary monotonically with relevant criteria. It is a mat-
ter of much greater importance when the scale is intended to
represent the construct accurately. Standardization is the strat-
egy most often used to address the problem of arbitrary scaling
under theassumption thatdistancefromthenormativemean in
standard deviation units can be used to estimate status. Apart
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from the tremendous resources required to gather a normative
sample—resources that could be devoted to more interesting
research questions—standardization does not resolve the is-
sue. For example, on many inventories such as the MMPI and
NEO–PI, males and females produce different mean scores on
many scales. Norming the test separately for males and fe-
males implies these differences are scale artifacts rather than
evidence of gender differences in the constructs being mea-
sured. Ignoring other possible correlates of test performance
such as age, socioeconomic status, and ethnicity implies that
group differences on these variables are meaningful in terms
of placement on the construct. Unfortunately, the lack of cor-
respondence between scale and construct makes it difficult to
be sure which interpretation is correct. It is possible to test
these assumptions, for example, through the use of moderated
regression analysis (Lautenschlager & Mendoza, 1986), but
such analyses are rarely conducted, they add substantially to
the complexity of standardization, and their accuracy depends
on the construct validity of the criterion variables used
(Bernstein, Teng, & Grannemann, 1987). The practice of stan-
dardizing tomitigateproblemsofplacement is in turncompro-
mised by the lack of construct validity in both the scale and rel-
evant criteria.

Cohen, Cohen, Aiken, and West (1999) suggested the am-
biguous meaning of scores on a multi-item scale is a major
impediment to the development of precision in psychology
as a science. Without intrinsically meaningful scaling, hy-
potheses about the expected direction of effects may be easy
to justify; hypotheses about the expected size of those effects
are not. Here too, standardization has been proposed as a
means of addressing the problem. Meta-analyses of stan-
dardized effect size measures such as r or d are increasingly
used to provide information about the size of effects. How-
ever, consider the following quote from Tukey (1969):

I find the correlation coefficient a dangerous symptom. …
What usually remains constant … is one of the regression co-
efficients. If we wish to seek for constancies, then, regression
coefficients are much more likely to serve us than correlation
coefficients.

Why then are correlation coefficients so attractive? Only
bad reasons seem to come to mind. Worst of all, probably, is
the absence of any need to think about units for either vari-
able. Given two perfectly meaningless variables, one is re-
minded of their meaninglessness when a regression coeffi-
cient is given since one wonders how to interpret its value.
A correlation coefficient is less likely to bring up the un-
pleasant truth—we think we know what r = –.7 means. Do
we? How often? Sweeping things under the rug is the en-
emy of good data analysis. … Being so disinterested in our
variables that we do not care about their units can hardly be
desirable. (p. 89)

Finding that psychological and educational interventions
on average are a little less than ½ SD more effective than pla-
cebo (Lipsey & Wilson, 1993) seems to be better than simply

stating an effect exists but in what way? It is unclear how this
represents a meaningful improvement in understanding the
impact of treatment. It is not even clear whether a difference
of ½ SD has a consistent meaning across studies, the range of
initial states, or research settings. In the absence of any evi-
dence that this is so, researchers have come to rely heavily on
benchmarks Cohen (1988) proposed for small, medium, and
large effects. However, Cohen was clear that these were
never intended as universal standards for the comparison of
effect sizes and hoped that over time, the meaning of an ef-
fect size in a given context would become clearer. Seventeen
years later there is no reason to believe Cohen’s hope will
ever be realized for standardized effect size statistics or
whether it ever can be. Without an objectively meaningful
benchmark, in many cases, a statement about the mean size
of an effect should do little more than reinforce the conclu-
sion that an effect exists.

SOME PRESCRIPTIVE SPECULATIONS

Clearly, both conceptually complex constructs and scales
have an important role to play in psychosocial science. Con-
ceptually complex constructs offer a useful means of summa-
rizing information for purposes of communication and social
policy. Conceptually complex scales are useful for predictive
purposes. In cases in which conceptually complex constructs
are socially useful, complex scales can also provide an index
variable of the construct.

The basis of science is accurate measurement, though, and
without accurate and precise measures, science can only ad-
vance so far. The focus on broadly defined constructs com-
promises the ability to develop precise models of
psychosocial constructs. The focus on scales combining mul-
tiple contents compromises the ability to make precise state-
ments about the meaning of a measurement.

The first step in improving the quality of measurement in
psychology would require recognizing that the tendency to
use the same measures for predictive and representational
purposes is not optimal. The basic building blocks of mea-
surement should demonstrate a high degree of representa-
tional accuracy. The discussion to this point would suggest
that representation is maximized by combining highly redun-
dant items representing narrowly defined constructs. More
molar measures that are useful as predictors and index vari-
ables can then be built from these more molecular represen-
tational measures. However, these measures need not be
assumed representative of any coherent construct. Prediction
occurs in the context of operationism in that the goal of suc-
cessful measurement is solely the maximization of an ob-
servable relationship, not the potential for intuitive
understanding of the scale.

Some examples from the domain of performance testing
can be used to demonstrate the issues involved in improv-
ing measurement practice. The structure of the SAT Rea-
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soning test demonstrates the compromises that result from
failing to distinguish between the predictive and representa-
tional goals of measurement. If the primary purpose of the
instrument is to provide a predictor of college performance
based on intellectual skills, it is likely, given Equation 1,
that predictive validity would peak after administering
three to four items representing each of four to five levels
of difficulty. Further increments in predictive validity, if
possible, would probably require broadening the range of
skills sampled rather than adding more of the same types of
items. If the primary purpose instead is to provide an accu-
rate representation of mathematical or reasoning ability,
these constructs are too broad to be represented accurately
by any single score. Why then has the SAT evolved in the
manner it has? The most likely reason would seem to be
that restricting the test to these domains makes it easier to
understand what each section of the examination is in-
tended to represent, even if it does not represent the con-
struct well. What results is a measure that is neither useful
as an indicator of skills in these areas nor an efficient pre-
dictor of collegiate academic performance.

An example of the manner in which representational and
predictive goals can be integrated more effectively is offered
by the Woodcock–Johnson Tests of Cognitive Abilities
(Woodcock, McGrew, & Mather, 2001). Each scale of the in-
strument is geared to the measurement of a single cognitive
ability derived from a popular model of intellectual abilities
(Carroll, 1993). The items on each scale are conceptually re-
dundant, although they differ in item difficulty. Accordingly,
the results for each scale can be meaningfully interpreted in
terms of a single ability. For predictive purposes, those
subscales that are relevant to each criterion can be aggre-
gated. Research has suggested that different criteria call for
different aggregates (e.g., Floyd, Evans, & McGrew, 2003),
and there is no expectation that those aggregates reflect a sin-
gle underlying construct.

Among multi-item rating scales, some scales such as the
State–Trait Anxiety Inventory (Spielberger, Gorsuch, &
Lushene, 1970) incorporate a fairly high proportion of con-
ceptually redundant items. Even though scores on this mea-
sure often correlate quite highly with measures of other
forms of psychopathology (e.g., McGrath & Ratliff, 1993),
this is likely to suggest something about anxiety (although
only if the other measure is also highly redundant).

One of the intriguing features of ratings is that even a sin-
gle item can offer a very effective representation of the re-
spondent’s phenomenological experience. Consider the
following item as an indicator of the lack of a sense of plea-
sure or enjoyment, a diagnostic criterion for depression:

In the past month, I believe I
A. have enjoyed my activities at least as much as the typ-

ical person.
B. have enjoyed activities a little less than the typical

person would.

C. have experienced much less pleasure than the typical
person does.

D. have had no or almost no pleasure or enjoyment from
my activities.

This item is intended for illustrative purposes only and could
probably be improved. It might be possible to identify re-
sponse alternatives more consistent with theoretically mean-
ingful steps in the experience of pleasure or a time frame that
is more relevant to its natural history. The most serious prob-
lem is the degree to which the item calls for evaluation by the
respondent of the meaning of concepts such as the typical ex-
perience of pleasure, an issue that is inherent to any linguistic
interaction. Feedback from individuals knowledgeable about
the experience, including both professionals and members of
target populations, would be useful as a method of refining
the item.

Even so, the response to this item by itself provides a cor-
rect and directly meaningful statement about how the respon-
dent is willing to characterize his or her experience of
pleasure relative to other individuals in the stated time frame.
The outcome on this single item is an inherently interpretable
datum that does not need combination with other items to re-
veal something that is potentially important about the indi-
vidual’s current status.

Generalizing from these examples, rating scales can pro-
vide the basis for construct valid measures if certain condi-
tions are met:

1. The target construct is narrowly and precisely de-
fined. The more elemental the construct, the more ac-
curately it can be represented by a single graded
scale.

2. The target construct represents an aspect of the re-
spondent’s experience of self or the environment so
that a rating is the optimal mode of measurement. For
example, although self-reported experience can be
predictive of other types of constructs, there are many
constructs for which self-report is incapable of maxi-
mizing the level of representational validity. Many of
the key elements of the complex constructs narcis-
sism, job performance, and wisdom have to do with
perceptions by others or performance rather than ex-
perience. At times it is interesting to see whether self-
perceptions match perception of the individual by cli-
nicians or significant others, but these do not measure
the same thing.

3. Items are developed so they closely match the theo-
retical conceptualization of the construct. This places
an obligation on the test developer to provide such a
conceptualization including information about the
time frame or circumstances under which change in
the construct may be expected, a list of reasonable
gradations or discrete classes to serve as anchors for
response alternatives, and the optimal mode of mea-
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surement. This level of detail is probably only possi-
ble for specific constructs. The selection of response
alternatives that reflect the theoretical structure of the
construct argues against the common practice of us-
ing a single set of response alternatives for all items
in a scale.

4. Controls are put in place to minimize the potential for
error in measurement. This may include, for exam-
ple, the evaluation of response styles, although there
is increasing evidence that the importance of re-
sponse styles has been overstated, at least in some
settings (e.g., McGrath, Rashid, Hayman, & Pogge,
2002; Ones & Viswesvaran, 1998; Piedmont, Mc-
Crae, Riemann, & Angleitner, 2000).

5. Concerns about reliability can be addressed by ad-
ministering two to three redundant items. This might
involve administration of semantically related items,
which would allow manipulation of item difficulty by
shifting location along a dimension of intensity (e.g.,
“I feel sad” vs. “I feel morose” or shifting of response
alternatives). Alternatively, averaging multiple ad-
ministrations of a single item would maintain the
meaningful scaling of the item. The administration of
redundant items also allows for scale reversal, which
can be used to detect yea-saying and nay-saying re-
sponse styles (Barnette, 2000).

CONCLUSIONS

Several examples can be provided of the benefits that could
result from the development of measures emphasizing repre-
sentational accuracy. Despite over 50 years of research on re-
sponse styles, the identification of overreporting and
underreporting remains an unresolved dilemma. The model
of testing I described in this article offers a fresh perspective
on the issue. First, if modes of functioning involve different
but interacting processes, it does not make sense to assume a
true level of depression or job skill that some people misrep-
resent; instead, there are different opinions concerning the
target individual’s status on these variables. Second, the fo-
cus on individual items that are strongly representative of
specific constructs will allow a much more fine-grained un-
derstanding of such differences in opinion. Interviews with
respondents and independent raters could potentially identify
circumstances under which self-ratings are more useful than
ratings by others, circumstances under which ratings by oth-
ers are more useful than self-ratings, and methods of identi-
fying each. Similarly, interviewing respondents about
changes in self-reports on specific items over time could pro-
vide useful information about the natural evolution of
psychosocial states.

The creation of meaningfully scaled ratings also offers a
statistical alternative to the reliance on standardized measures
of effect size based on the characterization of groups of indi-
viduals at each interval on the scale. Consider a statement such

as “36% of individuals who reported they were experiencing
much less pleasure than the typical person during the month
prior to initiating treatment reported a return to normal in the
month following completion of cognitive-behavioral treat-
ment compared with 18% of individuals exposed to placebo.”
It is admittedly more complex than a statement based on the
size of d, but it has several advantages. It provides much more
specific information about the effect. It is also inherently
meaningful. One potential benefit of these attributes is that the
reader is much more likely to be able to generate reasonable
hypotheses about why this effect occurred. Having the ability
to make intelligent guesses about why effects are of a certain
size can only contribute to the maturation of psychology as a
science. Furthermore, such statements avoid the representa-
tional problems created by the assumption of a quantitative
structure to theexperienceofpleasure(Michell,2000,2001).

Finally, the proposed measurement model offers the poten-
tial for more efficient predictive methods. The administration
of a standardized 20-item, self-report scale to predict some
variable that can be predicted with equal accuracy by 4 items is
wasteful. The benefit can be obscured by standard statistical
practice, which treats the score on the full scale as a single pre-
dictor, resulting in the following regression equation:

Y = b0 + b1X1.

When compared to the equation involving four individual
items,

Y = b0 + b1X1 + b0 + b2X2 + b0 + b3X3 + b0 + b4X4,

the former can seem more parsimonious. The truth, though,
is that the former equation is more accurately compared to
the latter by expanding it as

Y = b0 + b1(X1 + X2 + … X20)
= b0 + b1X1 + b1X2 + … b1X20.

The four-predictor equation does require estimation of
five predictors rather than two, but given a large body of evi-
dence indicating equal weighting of the predictors does not
impact on predictive accuracy substantially (e.g., Dawes,
1979), the additional estimates may be considered optimal
but unnecessary. If self-report measurement is restricted to
three to four primary experiential factors, combined with one
to two predictors from other relevant modes, there is the po-
tential for a meaningful improvement in predictive accuracy
even though the total number of predictors gathered has actu-
ally been reduced.

Despite dramatic advances in the understanding of
psychosocial phenomena in recent years, the continued em-
phasis on complex constructs and scales remains a potential
limiting factor to precision in psychosocial model building. I
offer thisarticleas the first step in theprocessofpursuinganal-
ternate strategy to scale development built around the impor-
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tance of maximizing representational validity through an
emphasisonsimpler indicatorsmeasuringsimplerconstructs.
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